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Abstract: The accelerating digitalization of organizational processes has intensified the demand for data
warehousing systems that are not only scalable and performant but also resilient, adaptive, and capable of
operating within highly distributed cloud-native environments. Traditional centralized data warehouse
architectures, originally conceived for relatively stable enterprise settings, have proven increasingly inadequate
in the face of event-driven, microservice-oriented systems characterized by volatile workloads, heterogeneous
data sources, and dynamic orchestration requirements. This article develops a comprehensive theoretical and
methodological framework for architecting modern cloud-native data warehouses that integrate event-driven
microservices, adaptive resilience strategies, and advanced analytical platforms such as Amazon Redshift, as
articulated in contemporary practitioner and scholarly literature (Worlikar et al., 2025). Drawing upon a diverse
corpus of research spanning event-driven architectures, observability, distributed systems theory, microservice
resilience, and cloud database management, the study advances a holistic model that positions data warehousing
not merely as a storage or reporting function but as an active, continuously evolving participant in enterprise
digital ecosystems (Brewer, 2020; Fowler, 2018; George & Ruland, 2020).

The article argues that the convergence of event-driven microservices and cloud data warehousing demands a
fundamental reconceptualization of how data ingestion, transformation, governance, and analytics are designed
and governed. Rather than treating the data warehouse as an endpoint in a batch-oriented pipeline, the proposed
framework conceptualizes it as an event-aware analytical hub capable of responding to, and co-evolving with,
operational microservices in near real time (Bhatnagar et al.,, 2020; Chakrabarti & Bhat, 2019). This
reconceptualization is grounded in adaptive resilience theory, which emphasizes dynamic orchestration, auto-
scaling, and fault-tolerant resource allocation as foundational principles of cloud-native systems (Vangala, 2018;
Punitha & Goldena, 2018).

Methodologically, the study adopts a qualitative, design-oriented research approach that synthesizes
architectural patterns, empirical insights from distributed systems research, and detailed practitioner guidance
from modern data warehousing platforms (Worlikar et al., 2025). Through an interpretive analysis of the
literature, it derives a set of architectural principles and operational practices for integrating event-driven
microservices with cloud data warehouses. The results highlight how materialized views, event streams, and
observability frameworks can be orchestrated to achieve both analytical consistency and operational agility in
complex cloud environments (Databricks, 2023; Brown & McNamara, 2020).

The discussion situates these findings within broader debates on the trade-offs between consistency, availability,
and partition tolerance, as well as the organizational implications of adopting event-driven data architectures
(Brewer, 2020; Evans, 2004). It also critically examines the limitations of current tooling and governance models,
proposing avenues for future research into autonomous data platforms, Al-assisted orchestration, and socio-
technical alignment. By synthesizing microservices theory, event-driven design, and cloud data warehousing
practice, this article contributes a robust, theoretically grounded blueprint for building resilient, scalable, and
analytically powerful data infrastructures in the cloud era (Worlikar et al., 2025; Eger, 2020).
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INTRODUCTION: The evolution of data warehousing
has been inseparable from the broader history of
enterprise computing, moving from centralized
mainframe-based repositories to distributed, cloud-
hosted analytical platforms that must now operate in
real time within complex digital ecosystems
(Chaudhary & Nanda, 2020; Fowler & Hunt, 2012). In its
earliest incarnations, the data warehouse was designed
as a relatively static, batch-oriented system, optimized
for periodic reporting and historical analysis. Data was
extracted from operational systems, transformed
through carefully controlled pipelines, and loaded into
a centralized repository where business intelligence
tools could query it without disrupting transactional
workloads. This paradigm assumed a stable
organizational environment in which data sources
changed slowly, workloads were predictable, and the
primary objective was to provide a “single version of
the truth” for managerial decision-making. While this
model served organizations well for decades, it has
become increasingly misaligned with the realities of
cloud-native, microservice-based systems, in which
data is generated continuously by a multitude of
loosely coupled services and must be analyzed in near
real time to support automated and human decision-
making alike (Bhatnagar et al., 2020; George & Ruland,
2020).

The rise of microservices and event-driven
architectures has fundamentally altered the nature of
enterprise data flows. Instead of monolithic
applications generating well-structured, periodic
datasets, modern systems consist of hundreds or
thousands of independently deployable services that
communicate through asynchronous events and
message streams (Fowler, 2018; Chakrabarti & Bhat,
2019). These services emit a continuous stream of
domain events reflecting user actions, system states,
and business processes, creating a rich but highly
dynamic data landscape. In such environments, the
traditional notion of the data warehouse as a passive
sink for historical data is no longer sufficient. Instead,
analytical platforms must be able to ingest, process,
and make sense of event streams in real time, while
maintaining  the reliability, governance, and
performance guarantees expected of enterprise-grade
data infrastructure (Almeida et al., 2020; Brown &
McNamara, 2020).

At the same time, cloud computing has transformed
the economic and technical foundations of data
warehousing. Cloud-native platforms such as Amazon
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Redshift provide elastic storage and compute
resources, enabling organizations to scale their
analytical workloads dynamically in response to

fluctuating demand (Worlikar et al., 2025). This
elasticity makes it possible to handle massive volumes
of data generated by event-driven systems, but it also
introduces new challenges related to cost
management, performance optimization, and
operational complexity. Unlike on-premises systems,
where capacity is fixed and carefully provisioned, cloud
data warehouses operate in an environment of virtually
unlimited resources, but those resources must be
orchestrated intelligently to avoid waste and ensure
consistent performance (Rybintsev, 2018; Punitha &
Goldena, 2018).

The convergence of event-driven microservices and
cloud-native data warehousing thus creates a complex
socio-technical problem space that cannot be
addressed by incremental adjustments to traditional
architectures. Instead, it requires a holistic rethinking
of how data is modeled, ingested, processed, and
governed across the entire enterprise landscape
(Evans, 2004; Brandolini, 2013). Domain-driven design
and event storming methodologies, for example,
emphasize the importance of aligning technical models
with business concepts, ensuring that the events
captured by microservices accurately reflect the
realities of organizational processes (Brown & McCool,
2019). When these principles are extended to the data
warehouse, they suggest that analytical schemas and
transformation logic should be derived from the same
domain events that drive operational behavior, rather
than being imposed retrospectively through batch-
oriented extraction and transformation processes
(Cheng et al., 2019).

Despite the growing recognition of these challenges,
the academic and practitioner literature remains
fragmented. Research on microservices and event-
driven architectures has focused primarily on
operational concerns such as scalability, fault
tolerance, and service orchestration, often treating
data storage and analytics as secondary issues
(Vangala, 2018; Chaves et al., 2019). Conversely, the
data warehousing literature has continued to
emphasize schema design, query optimization, and
business intelligence, with relatively limited attention
to the implications of event-driven, cloud-native
systems (Chaudhary & Nanda, 2020). Even when cloud
platforms such as Amazon Redshift are discussed in
detail, the focus is often on performance tuning and
architectural best practices within the data warehouse
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itself, rather than on its integration into a broader
microservices ecosystem (Worlikar et al., 2025).

This disconnect creates a significant literature gap at
the intersection of event-driven microservices and
cloud-native data warehousing. While practitioners
increasingly face the practical challenges of integrating
real-time event streams with large-scale analytical
platforms, there is a lack of comprehensive,
theoretically grounded frameworks to guide
architectural decision-making in this space (George &
Ruland, 2020; Curry & Coates, 2020). Existing studies on
resilience and adaptive orchestration in cloud-native
systems provide valuable insights into how
microservices can scale and recover from failures, but
they rarely address how these mechanisms interact
with the data warehouse, which remains a critical
dependency for reporting, machine learning, and
strategic planning (Vangala, 2018; Punitha & Goldena,
2018).

Furthermore, debates within distributed systems
theory highlight fundamental trade-offs that are
particularly salient for data warehousing in event-
driven environments. Brewer’s (2020) reformulation of
the CAP theorem underscores the inherent tensions
between consistency, availability, and partition
tolerance in distributed systems, tensions that become
especially pronounced when analytical queries must
operate on data that is continuously updated by
asynchronous event streams. Microservices
architectures often  prioritize availability and
responsiveness, accepting eventual consistency in
operational data, whereas data warehouses
traditionally prioritize consistency and accuracy, even
at the cost of latency. Reconciling these divergent
priorities requires new architectural patterns and
governance models that can accommodate multiple
consistency regimes within a single, integrated data
platform (Chaves et al., 2019; Fowler & Hunt, 2012).

In this context, the guidance provided by modern data
warehousing  platforms  becomes  particularly
important. Amazon Redshift, as detailed in the
comprehensive practitioner work by Worlikar et al.
(2025), offers a range of features such as materialized
views, spectrum queries, and integration with
streaming services that can support event-driven data
ingestion and real-time analytics. However, the
effective use of these features depends on a deep
understanding of both the underlying distributed
systems principles and the organizational contexts in
which they are deployed. Without such understanding,
organizations risk creating architectures that are
technically sophisticated but strategically misaligned,
leading to brittle systems that fail to deliver meaningful
business value (Eger, 2020; Brown & McNamara, 2020).

International Journal Of Management And Economics Fundamental

The purpose of this article is therefore to develop a
comprehensive, theoretically informed framework for
architecting event-driven, cloud-native data
warehouses that integrate microservices resilience
with modern analytical platforms. By synthesizing
insights from distributed systems theory, microservices
architecture, event-driven design, and cloud data
warehousing practice, the study seeks to bridge the
existing literature gap and provide a coherent
foundation for both scholarly inquiry and practical
implementation (Worlikar et al., 2025; Brewer, 2020).
The central research question guiding this inquiry is
how cloud-native data warehouses can be designed to
function as resilient, event-aware analytical hubs
within microservices ecosystems, rather than as
isolated repositories of historical data.

To address this question, the article adopts a design-
oriented, interpretive methodology that draws upon a
broad range of scholarly and practitioner sources. The
following sections elaborate this methodology, present
the resulting architectural framework, and situate the
findings within the broader theoretical debates on
distributed systems, organizational design, and digital
transformation (Almeida et al., 2020; Evans, 2004).
Through this integrative approach, the article aims to
contribute not only to the technical discourse on cloud-
native data warehousing but also to the emerging
understanding of how data infrastructures shape, and
are shaped by, the dynamics of contemporary
organizations (Dellaert, 2019).

METHODOLOGY

The methodological foundation of this study is rooted
in design-oriented and interpretive research traditions
that are well suited to investigating complex socio-
technical systems such as cloud-native data
warehouses embedded within event-driven
microservices architectures (Eger, 2020; Curry &
Coates, 2020). Rather than seeking to test a narrowly
defined hypothesis through quantitative
experimentation, the study aims to develop a rich,
theoretically grounded understanding of how diverse
architectural principles, technologies, and
organizational practices interact to produce resilient
and scalable analytical platforms. This approach is
consistent with the broader tradition of architectural
and systems research in software engineering, where
the primary objective is to generate actionable design
knowledge that can inform both theory and practice
(Fowler, 2018; Brown & McNamara, 2020).

The core methodological strategy employed in this
article is a structured literature synthesis combined
with architectural pattern analysis. The literature
synthesis draws upon the references provided,
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encompassing research on adaptive resilience in cloud-
native systems (Vangala, 2018), resource allocation and
disaster recovery (Punitha & Goldena, 2018), event-
driven microservices (Bhatnagar et al., 2020;
Chakrabarti & Bhat, 2019), distributed systems theory
(Brewer, 2020), observability (Brown & McNamara,
2020), and cloud database management (Chaudhary &
Nanda, 2020). These sources are analyzed not in
isolation but as components of a broader conceptual
landscape that frames the challenges and opportunities
of integrating microservices with cloud data
warehousing (George & Ruland, 2020).

A central pillar of the methodological framework is the
incorporation of practitioner-oriented guidance from
contemporary data warehousing platforms,
particularly the detailed architectural and operational
insights provided by Worlikar et al. (2025) in their
exploration of Amazon Redshift. This text is treated not
merely as a technical manual but as an empirical
artifact that reflects the current state of industry
practice in cloud-native data warehousing. By situating
these practitioner insights within the theoretical
constructs developed in the academic literature, the
study seeks to bridge the often-observed gap between
scholarly abstraction and real-world implementation
(Fowler & Hunt, 2012; Eger, 2020).

The process of literature synthesis follows a thematic
coding and interpretive analysis procedure. First, the
references were examined to identify recurring themes
related to event-driven design, microservices
resilience, data management, and cloud infrastructure.
These themes were then grouped into higher-level
conceptual categories, such as adaptive orchestration,
consistency management, observability, and domain
alignment (Almeida et al.,, 2020; Brandolini, 2013).
Within each category, the study traced the evolution of
ideas over time, highlighting points of convergence and
divergence among different authors and traditions.
This historical and theoretical contextualization is
essential for understanding why certain architectural
patterns have emerged and how they address specific
challenges in cloud-native environments (Brewer,
2020; Fowler, 2018).

Architectural pattern analysis complements the
literature synthesis by focusing on how abstract
principles are instantiated in concrete system designs.
Drawing on the pattern-oriented tradition in software
architecture (Fowler & Hunt, 2012), the study examines
how features such as event streams, materialized
views, and distributed query engines are used to
implement event-driven data warehouses in practice,
as exemplified by platforms like Amazon Redshift
(Worlikar et al., 2025). These patterns are analyzed in
terms of their functional roles, performance
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implications, and resilience properties, as well as their
alignment with broader organizational goals (Chaves et
al., 2019; Brown & McNamara, 2020).

A key methodological consideration is the explicit
acknowledgment of limitations and biases inherent in a
literature-based, interpretive approach. Because the
study does not rely on primary empirical data such as
system logs or performance benchmarks, its
conclusions are necessarily grounded in the
perspectives and experiences documented in the
existing literature (Curry & Coates, 2020). While this
allows for a broad and theoretically rich analysis, it also
means that the findings may not capture all the
nuances of specific organizational contexts or emerging
technologies that have not yet been extensively
documented (Eger, 2020). To mitigate this limitation,
the study places particular emphasis on synthesizing
diverse viewpoints and critically evaluating areas of
disagreement or uncertainty within the literature
(Brewer, 2020; Dellaert, 2019).

Another important methodological dimension is the
integration of organizational and socio-technical
considerations into the architectural analysis. Domain-
driven design and event storming methodologies
highlight the importance of aligning technical
architectures  with  business  processes and
organizational structures (Evans, 2004; Brown &
McCool, 2019). Accordingly, the study does not treat
the data warehouse as a purely technical artifact but as
a component of a broader organizational system in
which developers, analysts, and business stakeholders
interact through shared models and data
representations (Brandolini, 2013; Dellaert, 2019). This
perspective informs the analysis of governance,
observability, and  decision-making  processes
associated with event-driven data architectures
(Almeida et al., 2020; Brown & McNamara, 2020).

The methodological rationale for focusing on event-
driven, cloud-native data warehousing is grounded in
the growing prominence of these paradigms in both
academic research and industry practice (Bhatnagar et
al., 2020; Worlikar et al., 2025). By concentrating on
this intersection, the study seeks to address a timely
and strategically significant set of challenges that are
likely to shape the future of enterprise analytics. The
interpretive and design-oriented methodology allows
the study to explore these challenges in depth,
generating insights that can inform both theoretical
development and practical implementation (George &
Ruland, 2020; Fowler, 2018).

RESULTS

The results of this study emerge from the synthesis of
theoretical perspectives on distributed systems and
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microservices with practical insights into cloud-native
data warehousing platforms, particularly as articulated
in the context of Amazon Redshift (Worlikar et al.,
2025). Rather than presenting numerical or
experimental findings, the results consist of a set of
conceptual and architectural insights that describe how
event-driven microservices and cloud data warehouses
can be integrated to form resilient, scalable, and
analytically powerful systems (Brewer, 2020;
Chakrabarti & Bhat, 2019).

One of the most significant results is the identification
of the data warehouse as an event-aware analytical
hub rather than a passive repository of historical data.
In event-driven microservices architectures,
operational systems generate a continuous stream of
domain events that reflect changes in business state,
user behavior, and system conditions (Bhatnagar et al.,
2020; Cheng et al., 2019). The analysis shows that when
these events are ingested directly into a cloud-native
data warehouse through streaming pipelines, the
warehouse becomes an active participant in the
system’s overall event flow, capable of providing near
real-time analytical insights and feedback loops to
operational services (Worlikar et al., 2025; George &
Ruland, 2020). This reconceptualization challenges the
traditional separation between operational and
analytical systems, suggesting a more integrated,
feedback-driven model of enterprise data management
(Almeida et al., 2020).

A second key result concerns the role of materialized
views and derived datasets in managing the trade-offs
between consistency, performance, and analytical
flexibility. Distributed systems theory emphasizes that
it is impossible to simultaneously guarantee strong
consistency, high availability, and partition tolerance in
all circumstances (Brewer, 2020). In an event-driven
data warehouse, this trade-off manifests in the tension
between providing up-to-date analytical results and
ensuring that queries return consistent and
reproducible values (Chaves et al., 2019). The study
finds that materialized views, as implemented in
platforms such as Amazon Redshift, offer a pragmatic
mechanism for navigating this tension by allowing
organizations to define stable, precomputed
representations of event data that can be refreshed at
controlled intervals (Worlikar et al., 2025). These views
serve as a bridge between the eventually consistent
world of event streams and the strongly consistent
requirements of many analytical workloads (Fowler &
Hunt, 2012).

The analysis also reveals the central importance of
observability in ensuring the resilience and reliability of
event-driven data warehouses. In microservices
architectures, failures can propagate in complex and
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unpredictable ways, making it difficult to diagnose
performance issues or data inconsistencies without
comprehensive monitoring and tracing capabilities
(Brown & McNamara, 2020; Almeida et al., 2020).
When the data warehouse is tightly integrated into the
event flow, it becomes both a source and a consumer
of operational telemetry, enabling more sophisticated
forms of system-wide observability (George & Ruland,
2020). The study shows that by correlating event
ingestion metrics, query performance data, and
microservice health indicators, organizations can
develop a holistic view of their data ecosystem that
supports proactive fault detection and adaptive
resource allocation (Vangala, 2018; Worlikar et al.,
2025).

Another important result relates to adaptive scaling
and resource orchestration. Cloud-native data
warehouses are designed to scale elastically in
response to workload demands, but this elasticity must
be coordinated with the scaling behavior of the
microservices that generate and consume data
(Punitha & Goldena, 2018; Rybintsev, 2018). The study
finds that when event-driven microservices and the
data warehouse share a common orchestration
framework, it becomes possible to align compute and
storage resources across the entire system, reducing
bottlenecks and improving overall efficiency (Vangala,
2018). For example, a surge in event volume triggered
by a marketing campaign can be met not only by scaling
the relevant microservices but also by provisioning
additional data warehouse capacity to handle the
increased analytical load, as supported by platforms
like Amazon Redshift (Worlikar et al., 2025).

The results further highlight the importance of domain-
driven modeling in ensuring that event-driven data
warehouses remain aligned with business realities.
Domain-driven  design  and event storming
methodologies emphasize the use of domain events as
the primary means of capturing and communicating
business state (Evans, 2004; Brandolini, 2013). When
these same events form the basis of analytical schemas
and transformations in the data warehouse, the
resulting datasets are more semantically meaningful
and easier for stakeholders to interpret (Brown &
McCool, 2019; Chakrabarti & Bhat, 2019). The study
shows that this alignment reduces the need for
complex, error-prone data reconciliation processes and
supports more agile development of new analytical
capabilities (Worlikar et al., 2025; Fowler, 2018).

Finally, the analysis reveals that the integration of
event-driven microservices with cloud-native data
warehouses has significant organizational implications.
By enabling near real-time analytics and feedback
loops, these architectures support new forms of
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decision-making and organizational learning, in which
insights derived from data can be rapidly incorporated
into operational processes (Dellaert, 2019; George &
Ruland, 2020). However, this also requires new
governance models, skill sets, and cultural practices to
ensure that data is used responsibly and effectively
across the organization (Brown & McNamara, 2020;
Eger, 2020).

DISCUSSION

The findings of this study invite a deeper theoretical
and practical reflection on the evolving role of data
warehousing in cloud-native, event-driven enterprises.
At a theoretical level, the reconceptualization of the
data warehouse as an event-aware analytical hub
challenges long-standing assumptions about the
separation of operational and analytical systems,
assumptions that were rooted in the technological
constraints and organizational structures of an earlier
era (Fowler & Hunt, 2012; Chaudhary & Nanda, 2020).
In traditional architectures, the data warehouse was
deliberately isolated from transactional systems to
protect performance and ensure data consistency.
However, in microservices environments where data is
inherently distributed and continuously changing, such
isolation becomes both impractical and
counterproductive (Brewer, 2020; Bhatnagar et al,,
2020).

From the perspective of distributed systems theory, the
integration of event-driven microservices with cloud-
native data warehouses can be understood as an
attempt to reconcile competing consistency models
within a single architectural framework (Chaves et al.,
2019). Microservices often embrace eventual
consistency to maximize availability and
responsiveness, while analytical workloads typically
require stronger consistency guarantees to support
accurate reporting and decision-making (Brewer,
2020). The use of materialized views and controlled
refresh cycles, as highlighted in the results, represents
a pragmatic compromise that allows organizations to
benefit from real-time data ingestion without
sacrificing analytical reliability (Worlikar et al., 2025;
Fowler, 2018). This compromise, however, is not
merely a technical choice but a reflection of
organizational priorities and risk  tolerances,
underscoring the socio-technical nature of data
architecture (Dellaert, 2019; Brown & McNamara,
2020).

The emphasis on observability and adaptive resilience
further illustrates how cloud-native data warehouses
are becoming embedded in the operational fabric of
organizations (Almeida et al., 2020; Vangala, 2018). In
event-driven systems, failures and performance
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degradations can propagate rapidly across service
boundaries, making it essential to have comprehensive
visibility into data flows and system states (George &
Ruland, 2020). When the data warehouse participates
in this observability infrastructure, it not only benefits
from improved fault detection and diagnosis but also
contributes to a shared understanding of system
behavior that supports organizational learning and
continuous improvement (Brown & McNamara, 2020;
Eger, 2020).

At the same time, these developments raise important
questions about complexity and manageability. Event-
driven, cloud-native data architectures are inherently
more complex than traditional batch-oriented systems,
involving a larger number of components, interfaces,
and failure modes (Curry & Coates, 2020; Chakrabarti
& Bhat, 2019). While platforms like Amazon Redshift
provide powerful abstractions and automation
capabilities to manage this complexity (Worlikar et al.,
2025), there is a risk that organizations may become
overly dependent on vendor-specific features or lose
sight of the underlying architectural principles that
ensure long-term resilience and adaptability (Fowler,
2018; Eger, 2020). This tension highlights the need for
a balanced approach that combines robust theoretical
understanding with pragmatic tool adoption (Brewer,
2020).

The organizational implications of event-driven data
warehousing are equally significant. By enabling near
real-time analytics and tighter integration between
operational and analytical systems, these architectures
support new forms of consumer co-production and
data-driven innovation (Dellaert, 2019). For example,
marketing, operations, and product development
teams can all draw on the same event-based datasets
to experiment, learn, and adapt their strategies in
response to changing customer behavior. However,
this also requires new governance structures to ensure
data quality, privacy, and ethical use, particularly as the
boundaries between operational and analytical data
become increasingly blurred (Brown & McNamara,
2020; Evans, 2004).

The limitations of the current study must also be
acknowledged. As a literature-based, interpretive
analysis, the findings are necessarily shaped by the
perspectives and experiences documented in the
selected references (Curry & Coates, 2020). While
these sources provide a rich and diverse foundation for
theoretical development, they may not capture all the
practical challenges and innovations emerging in
rapidly evolving cloud-native environments (Eger,
2020). Future research could complement this work
with empirical studies of specific organizational
implementations, examining how the proposed
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architectural principles play out in practice and how
they are influenced by factors such as organizational
culture, regulatory constraints, and technological
maturity (Almeida et al., 2020; Vangala, 2018).

Despite these limitations, the integrative framework
developed in this article offers a valuable lens for
understanding and designing event-driven, cloud-
native data warehouses. By situating technical design
choices within a broader theoretical and organizational
context, it provides a foundation for more informed
and sustainable decision-making in an era of rapid
digital transformation (Worlikar et al., 2025; Brewer,
2020).

CONCLUSION

The convergence of event-driven microservices and
cloud-native data warehousing represents one of the
most significant architectural shifts in contemporary
enterprise computing. As this article has argued, this
convergence requires a fundamental rethinking of how
data is modeled, processed, and governed, moving
beyond the traditional paradigm of the data warehouse
as a passive repository of historical data toward a more
dynamic, event-aware analytical hub (Bhatnagar et al.,
2020; Worlikar et al., 2025). Through an integrative
synthesis of distributed systems theory, microservices
architecture, and cloud data warehousing practice, the
study has developed a comprehensive framework for
understanding and designing such systems (Brewer,
2020; Fowler, 2018).

By highlighting the roles of materialized views,
observability, adaptive scaling, and domain-driven
modeling, the article has shown how cloud-native data
warehouses can support both the operational agility of
event-driven microservices and the analytical rigor
required for strategic decision-making (Almeida et al.,
2020; Brown & McNamara, 2020). At the same time, it
has emphasized the socio-technical dimensions of data
architecture, recognizing that successful
implementation depends as much on organizational
alignment and governance as on technical
sophistication (Dellaert, 2019; Evans, 2004).

As organizations continue to embrace cloud-native and
event-driven paradigms, the insights developed here
provide a foundation for both scholarly inquiry and
practical innovation. By grounding architectural choices
in a robust theoretical framework and informed by
platforms such as Amazon Redshift (Worlikar et al.,
2025), enterprises can build data infrastructures that
are not only scalable and resilient but also deeply
integrated into the fabric of their digital operations.
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